Weekly Report

11/14/2016-11/20/2016

Work

Basestation Graph

I extract 84 graphs with 4407 nodes from mobile trajectory data. Then I project 84 graphs
in 4407*4407 dimension into dimensions using LargeVis. Almost points with same num-
ber (time period in one day, 0 for 0:00 2:00) are close to each other. But, points with
number 4,5,6,7,.8 shows different pattern. Points with these numbers in the first three
days are close to each other.

Semantic Trajectory

This week, I acquire full poi database from Feiran Wu. Poi data could be used to infer
the function of a basestation and enrich mobile trajectory with semantic information

Plan for next week

» Extract graphs from taxi GPS trajectory.

* Read some deep learning papers about graph.



1. Vis-A-Ware: Integrating Spatial and Non-Spatial Visualization for Visibility-Aware Urban
Planning
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e Spatial View of planning Rank by Visibility Focus, Filter, Transpose (see Figure 6)
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2.Map LineUps: effects of spatial structure on graphical inference
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Fig. 1: Two map line-up tests. Left: constructed under an unrealistic null of Complete Spatial Randomness. Right: constructed under
3.Embedding Spatio-temporal Information into Maps by Route-Zooming
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a null in which spatial autocorrelation occurs.
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4. Squares: Supporting Interactive Performance Analysis for Multiclass Classifiers
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5. D-Map: Visual Analysis of Ego-centric Information Diffusion Patterns in Social Media
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Qutside hexagon: Key Player(s) with influence
Inside hexagon: Encoding the weibo count

Key Player(s) with high inner-community influence
Single User with a small number of weibos

Group of users with a large number of weibos
Aggregated Reposting links
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Figure 1: example caption



